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Fig. 3: Comparison against two state-of-the-art nonlinear solutions using data segments that involve sudden
variations of angular velocity

u(x) = B®)w u(x) = +B(X)w i(x) = (1 —Ke])H, R

(Motion Flow Equation, Trucco, 1998)
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(Motion Flow Equation, Trucco, 1998) (Differential Homography, Ma, 2004)
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